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a o o A o I3 =
M159N 1 m@uy@@ﬂfmmmmm%mi‘ﬂﬂﬁﬁ

Overall Non - Hemorrhagic Stroke | Hemorrhagic Stroke p-value
(N=406) (N=335) (N=71)

21" 65.0 (56.0 - 74.0) 65.0 (57.0 - 74.0) 58.0 (48.0 - 72.0) 0.009
LWATE - 918(%) 239 (58.9) 192 (57.3) 47 (66.2) 0.19
ANAUTA AR 156.0 (138.0 - 175.0) 154.0 (135.0 - 173.0) | 164.0 (150.0 - 189.0) | 0.001
ANAUIATARAAN 87.0 (77.0 - 99.0) 86.0 (76.0 - 96.0) 98.0 (83.0 - 113.0) <0.001
BMI* 23.1 (20.3 - 26.0) 23.4 (20.6 - 26.2) 22.1(19.7 - 25.7) 0.12
GCS score* 15.0 (15 - 15) 15.0 (15 - 15) 14.0 (10 - 15) <0.001
POCT blood sugar* 125.0 (100.0 - 172.0) 125.0 (99.0 - 172.5) 125.0 (106.0 - 169.0) 0.38
AA9IRITULING (%) 0.047

8.00 - 16.00 208 (51.2) 176 (52.5) 32 (45.1)

16.00 - 24.00 149 (36.7) 125 (37.3) 24 (33.8)

24.00 - 8.00 49 (12.1) 34 (10.1) 15 (21.1)
NNTNSULENT (%) 0.24

N 189 (46.6) 152 (45.4) 37 (52.1)

desiaanisenweung 203 (50.0) 173 (51.6) 30 (42.3)

faninds 14 (3.4) 10 (3.0) 4 (5.6)
FEALANNRNIAU ESI <0.001

Levell (%) 42 (10.3) 19 (5.7) 23 (32.4)

Level2 (%) 268 (66.0) 223 (66.6) 45 (63.4)

Level3 (%) 96 (23.6) 93 (27.8) 3(4.2)
ansAny (%)

BRI 266 (65.5) 216 (64.5) 50 (70.4) 0.41

walaldn Auudis 231 (56.9) 197 (58.8) 34 (47.9) 0.11

Tuntiidien 151 (37.2) 129 (38.5) 22 (31.0) 0.28

it 63 (15.5) 39 (11.6) 24 (33.8) <0.001

AReu 45 (11.1) 42 (12.5) 3(4.2) 0.058

Sl 49 (12.1) 46 (13.7) 3(4.2) 0.026
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Overall

Non - Hemorrhagic Stroke | Hemorrhagic Stroke | p-value
(N=406) (N=335) (N=71)
Tainym 31(7.6) 23 (6.9) 8 (11.3) 0.22
AININD 2(0.5) 1(0.3) 1(1.4) 0.32
LA 17 (4.2) 17 (5.1) 0(0.0) 0.052
anAsee 13(3.2) 9(2.7) 4 (5.6) 0.26
1AARaINT (%) <0.001
faena1 4.5 %Tm 215 (53.0) 165 (49.3) 50 (70.4)
4.5 - 24 ol 151 (37.2) 133 (39.7) 18 (25.4)
24 - 48 Falus 7(6.7) 7(8.1) 0(0.0)
48 - 72 dalu 3(3.2) 0 (3.0) 3(4.2)
tladendea (%)
TsaAusAulalinga 215 (53.0) 178 (53.1) 37 (52.1) 0.90
T5ALLNMIN 132 (32.5) 114 (34.0) 18 (25.4) 0.17
Tanlaiuluinangs 47 (11.6) 43 (12.8) 4 (5.6) 0.10
{AvnRALARAANES 57 (14.0) 51 (15.2) 6 (8.5) 0.19
Tspvinla 35 (8.6) 31(9.3) 4 (5.6) 0.48
zguw?' 61 (15.0) 4(13.1) 17 (23.9) 0.028
?ium?m?{mmm@a@ﬁ 67 (16.5) 42 (12.5) 25 (35.2) <0.001
maangaiilaiiohiign (%) <0.001
0 40 (9.9) 28 (8.4) 12 (16.9)
1 39 (9.6) 16 (4.8) 23 (32.4)
2 28 (6.9) 22 (6.6) 6 (8.5)
3 4(18.2) 64 (19.1) 10 (14.1)
4 121 (29.8) 110 (32.8) 11 (15.5)
5 104 (25.6) 95 (28.4) 9(12.7)
NIHSS Score* 0(0.0-0) 0(0-0) 0(0-0) 0.31

[ . oA 3 | I3 &KX v o o v a ' . | a
* dlayasaiile (continuous data) AnluagALkARIDIANFREAE A MTLIYRYATNNAN (categorical data) kazANAE

s219719A%8 A (IQR)

+ NARALANLANH Wilcoxon rank sum test @1u5ufaussaifiaaninisuaniask Ui (skewed) waz Fisher's exact

test AniuFaLlamINg

+ BMI = body mass index (fiiuaannel), GCS score = Glasgow Coma Scale score (ﬁ‘:ﬁummﬁﬂﬁ'ﬂ, POCT

blood sugar = point of care testing blood sugar (?:ﬁuﬁ’]m@lmﬁ@mﬂmﬂﬁfa), ESI = emergency severity index

(i‘xﬁummgmau), NIHHS = National Institutes of Health Stroke Scale score (ﬂ:;LLuum’]Nﬁ;uLL?\‘ﬁJﬂ\‘lmmivm

sruvLsEan)
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Logistic Regression

Random Forest

XGBoost

Discrimination

AUROC (95% CI)

0.736 (0.567-0.905)

0.811(0.709-0.912)

0.781 (0.669-0.893)

AUPRC (95% Cl)

0.612 (0.352-0.810)

0.549 (0.307-0.755)

0.403 (0.206-0.687)

Calibration

Calibration Slope 0.986 1.078 0.691
Calibration Intercept 0.179 0.025 0.012
Brier Score 0.100 0.111 0.125
Diagnostic Performance*

Selected Threshold 0.029 0.229 0.137

Sensitivity (95% Cl)

0.941 (0.713-0.999

0.529 (0.278-0.770

0.588 (0.329-0.816

Specificity (95% Cl)

PPV (95% CI)

( )
0.036 (0.008-0.102)
0.167 (0.098-0.256)

( )
0.807 (0.706-0.886)
0.360 (0.180-0.575)

( )
0.711 (0.601-0.805)
0.294 (0.151-0.475)

NPV (95% ClI)

0.750 (0.194-0.994)

0.893 (0.801-0.953)

0.894 (0.794-0.956)

* AUROC = area under the receiver operating characteristic, AUPRC = area under the precision-recall curve, Cl = Confidence

interval, PPV = positive predictive value, NPV = negative predictive value

+
+
§

1
[

AUROC denotes area under the receiver-operating-characteristic curve; AUPRC, area under the precision-recall curve;

Cl, confidence interval;, PPV, positive predictive value; NPV, negative predictive value. * Diagnostic performance metrics

were calculated based on the optimal thresholds determined by Youden’s index or specific clinical constraints on the

training set.

UssANTNINLRILLLANADS
AMNAIN5D bUNIFALUNLSA (discrimination
performance): Lﬁ@mzﬁ@uuum%’mﬂ@mmu (,1914
1 2) NUIWLLANA8Y random forest (RF) NAIH

° v P =

annsnlunisawungUaeNinnznaenlaenaNes
a A dd’l/ dl 2N =
1iAnaanaanLaANgagn tnadnunlalasensled
(AUROC: 0.811 [95%CI 0.709 - 0.912]) RATIGER
nsfFaumanlu 317 2 (ROC curve) $898911AD
XGBoost ag logistic regression (LR) A1 AUROC

?’BQ@QNW‘?{ (0.781 [95%CI 0.669-0.893]) LLaz (0.736
[95%C] 0.567 —0.905]) AuanAL aenslsiinna e
fansaunen AUPRC duasftautlszavsnmlugadeya
ﬁ'ﬁmmimu@a (imbalanced data) W11 Logistic
Regression ﬁmq\‘izﬂm‘ﬁl (AUPRC: 0.612 [95%CI
0.352 - 0.810]) denpdasiunenzdulAclu s 2
7A909NNAD RF (0.549 [95%CI 0.307 - 0.755]) wae
XGBOOSt‘ﬂI (0.403 [95% CI 0.206 - 0.6871])
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Panel A | ROC Curves

o o
o ®

Sensitivity (True Positive Rate)
1
IS

0.2
- Reference (AUC = 0.500)
—— Logistic Regression (AUC = 0.736)
— — Random Forest (AUC = 0.811)
== XGBoost (AUC = 0.781)
0.0
0.0 0.2 0.4 0.6 0.8 1.0
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Panel B | Precision-Recall Curves
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Hemorrhagic Stroke Risk Predictor
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